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Generation of Mountain Plot Image by Neural Network
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PredNet

William Lotter, Gabriel Kreiman & David Cox,

“DEEP PREDICTIVE CODING NETWORKS FOR VIDEO PREDICTION AND UNSUPERVISED LEARNING,”
arXiv:1605.08104, 2016.

pytorch

https://figshare.com/articles/software/
Predictive_Coding Deep_ Neural Network in_PyTorch/16910767

Tensorflow ({EH)
https://github.com/coxlab/prednet

mac studio (2020)

OS:Monterey python 3.6.13
Apple M1 Max tensorflow 1.2.1
10-Core CPU keras 2.0.6
24-Core GPU hickle 2.1.0
16-Core Neural Engine h5py 2.10.0

64GB unified memory



